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Range restriction corrections require the predictor standard deviation in the applicant pool
of interest. Unfortunately, this information is frequently not available in applied contexts.
The common strategy in this type of situations is to use national-norm standard deviation
estimates. This study used data from 8,276 applicants applying to nine jobs in German
governmental organizations to compare applicant pool standard deviations for two cognitive
ability tests with national-norm standard deviation estimates, and standard deviations for the
total group of governmental applicants. Results revealed that job- and organizational
context-specific applicant pool standard deviations were on average about 10–12% smaller
than estimates from national norms, and about 4–6% smaller than standard deviations for the
total group of governmental applicants.

1. Introduction

P

rofessional guidelines (SIOP, 2003) and meta-analytic
procedures (Hunter, Schmidt, & Le, 2006; Raju, Burke,
Normand, & Langlois, 1991) advise applied researchers to
correct job performance validity coefficients for statistical
artifacts when the required information is available. Corrections for artifacts improve the precision of validity
estimates so that validity coefficients approximate the
true validity of a selection procedure more closely.
One important statistical artifact in the context of
validation research is range restriction. Range restriction
occurs when scores on a selection test are used to select
persons from an applicant pool. As a result of the
selection decision, the range of scores in the selected
group of persons is smaller than the range of test scores
in the original applicant pool. In validation research, only
the information for the restricted sample of persons is
available because only the selected persons actually get
the opportunity to work in the job. Accordingly, validity
coefficients can only be calculated for the restricted
sample. However, in the context of validation research,
researchers are interested in the validity of a selection

procedure for the entire (unrestricted) applicant pool
(the population of interest in validation research). In
order to obtain an estimate of the predictive validity
for the entire applicant pool, researchers need to use
correction formulas (e.g., Hunter et al., 2006; Raju et al.,
1991). These formulas require information on the predictor standard deviation in the restricted sample and
the predictor standard deviation in the applicant pool of
interest. Using this information, it is then possible to
correct for selection effects and estimate the validity
coefficient for the unrestricted applicant pool.
A major issue for researchers seeking to correct validity
coefficients for range restriction is that the standard
deviation in the applicant pool of interest is often difficult
to obtain in applied contexts. Consequently, applied researchers frequently face situations, in which only information on the predictor standard deviation in the restricted
sample is available (Kuncel & Klieger, 2007; Ones &
Viswesvaran, 2003; Sackett & Ostgaard, 1994). The standard practice under these circumstances is to substitute
missing applicant pool standard deviations with standard
deviation estimates from national normative data. This
practice is appropriate under the assumption that applicant
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pools are nonsystematic random samples from the general
population. However, this assumption is not always tenable.
Researchers have long been aware that standard deviations
in applicant samples can potentially be smaller than standard deviation estimates from normative data because of
self-selection effects (Jensen, 1980; Hartigan & Wigdor,
1989; Kuncel & Klieger, 2007; Ones & Viswesvaran, 2003;
Sackett & Ostgaard, 1994). Self-selection effects occur
when a significant proportion of potential applicants decide
not to apply for a job and these persons have either higher
or lower scores on the predictor than the persons who
apply. High-ability persons may decide not to apply because
they have other better choices (e.g., more attractive jobs).
Persons with low-abilities, in contrast, may decide not to
apply because they think that the probability of being hired
is so low that applying is not worth the effort. Both highability and low-ability persons may also elect not to apply
because they have a personal feeling that their person-job
fit for the job in general or the recruiting organization is
low (i.e., the job is too difficult or too easy). When selfselection effects are present, the variability in applicant
pools is lower than the variability indicated in national
normative data. Consequently, using normative data to
substitute missing applicant pool standard deviations leads
to an overestimation of the applicant pool standard deviation and, in consequence, to an overcorrection of the
observed validity.
To determine the degree to which self-selection effects
actually lower predictor standard deviations in applicant
pools, researchers have begun to systematically study
standard deviation differences between applicant pools
and national norms (Kuncel & Klieger, 2007; Ones &
Viswesvaran, 2003; Sackett & Ostgaard, 1994). The
present study contributes to this emerging literature.
We focus on range shrinkage on cognitive ability measures and extend previous research in two ways.
First, our study accounts for self-selection effects
elicited by organizational characteristics. Previous research
on applicant pool range shrinkage on cognitive ability
measures has focused on job-specific self-selection effects
by comparing job-specific applicant pools coming from a
variety of different organizations and national norms
(Sackett & Ostgaard, 1994). However, person–environment fit theories (e.g., Schneider, 1987) suggest that
individuals with certain abilities might not only be attracted
to specific jobs but also to specific organizations. Selfselection effects might therefore not only be job-specific,
but also organization-specific. Our study accounts for this
possibility by comparing job-specific applicant pools from a
homogenous organizational context with national norms.
Second, we contribute to the literature by reporting
data from the context of another nation. The previous
research examined data for the North American version
of an ability test (Sackett & Ostgaard, 1994). In contrast,
we report data from Germany—a European nation with a
different educational and vocational system and thus
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provide a critical test of the idea that range shrinkage
in applicant pool standard deviations is a phenomenon
that is not restricted to a specific instrument or a specific
educational and vocational system.

2. Research on applicant pool range
shrinkage
The first study examining restrictions of applicant pool
standard deviations was conducted by Sackett and Ostgaard (1994). This study focused on applicant pool
standard deviations of cognitive ability tests in the context of personnel selection. Sackett and Ostgaard examined data from the manual of the Wonderlic Personnel
Test—a brief measure of general mental ability. Sackett
and Ostgaard used the 1983 edition of the manual (E. F.
Wonderlic & Associates Inc., 1983). This manual contains
means and standard deviations of job-specific applicant
pools for 80 jobs, which were tested with the US version
of the Wonderlic Personnel Test. Sackett and Ostgaard
compared this data with the standard deviation for the
general workforce population. Because the 80 jobs
covered a wide range of jobs and came from a diverse
group of organizations, the general workforce standard
deviation could be estimated by combining the standard
deviations for the 80 job-specific applicant pools. Results
revealed that applicant pool standard deviations were on
average 8.3% smaller than the general workforce population estimate. Based on these findings, Sackett and
Ostgaard recommended that researchers should not
simply use data from national norms to substitute missing
applicant pool standard deviations. Sackett and Ostgaard
instead advised applied researchers to adjust standard
deviations from national norms by a correction factor
before correcting validity coefficient for range restriction.
After Sackett and Ostgaard conducted their initial
study, a large body of new normative data and new jobspecific applicant pool data for the Wonderlic Personnel
Test was published (Wonderlic Personnel Test Inc., 1992
p. 27). We consequently examined whether the previous
findings were still valid for this new data from 72 jobspecific applicant pools. The findings were similar to
those of the initial investigation with a slight tendency
for larger differences between applicant pools and national norms. Applicant pool standard deviations were on
average 11.57% smaller than the standard deviation for
the general workforce population (a combination of the
72 job-specific applicant pools like in the initial study).
A second study by Ones and Viswesvaran (2003)
extended Sackett and Ostgaard’s work by examining
applicant pool standard deviation for seven personality
scales from an occupational personality inventory. In this
investigation, applicant pool standard deviations were on
averaged about 4% smaller than standard deviations
estimates for normative data (range 2–9%). Ones and
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Viswesvaran concluded that the use of estimates from
normative data only slightly alters range restriction
corrections for personality-criterion relationships in personnel selection and noted that their work generally
supports Sackett and Ostgaard’s approach of correcting
standard deviation estimates for national normative samples downwards.
The most recent study comparing applicant group
standard deviations and standard deviations of normative
data focused on a boundary condition for self-selection
effects (Kuncel & Klieger, 2007). The authors of this study
focused on educational assessment. They studied standard
deviations of an educational selection test—the Law School
Admission Test. Specifically, the authors compared standard deviations in applicant pools for specific law schools
with the standard deviation of all persons taking the test.
The special circumstances of the study were that applicants
knew their test scores and were able to retrieve information regarding law school rankings before they applied.
Under these circumstances, Kuncel and Klieger (2007)
found that applicant pool standard deviations were 23%
smaller than the variability of the overall sample of test
takers. Kuncel and Klieger’s study illustrates that selfselection effects vary according to the circumstances of
the respective study and can be quite substantial when
applicants are provided with detailed information.

3. The present study
The present study focuses on the use of cognitive ability
measures in the context of personnel selection. Our
study seeks to extend previous research by accounting
for self-selection effects elicited by organizational characteristics. The data examined in previous research in this
area consisted of job-specific applicant pool standard
deviations that combined all data for a specific job across
a variety of organizational contexts. Consequently, this
research provides information to what extent job-specific self-selection effects lead to shrinkage in standard
deviations in applicant pools making them narrower than
normative standard deviation estimates for the general
workforce population.
Person–environment fit theories (Breaugh, 1992; Edwards, 2008; Schneider, 1987; Schneider, Goldstein, &
Smith, 1995; Wanous, 1980) suggest that in addition to
job-specific range restriction there might also be a second
type of range restriction, namely organizational-context
specific range restriction. Specifically, several person–
environment fit theories argue that individuals tend to be
attracted by organizations commensurate to their individual characteristics. This notion has most frequently been
advanced for personality and interest constructs (e.g.,
Schneider, 1987; Schneider et al., 1995), but several person–environment theories have extended this idea to the
fit between abilities and demands (e.g., Breaugh, 1992;
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Wanous, 1980; Werbel & Gilliland, 1999). Accordingly,
applicants may not only be interested in a specific type of
job but may also consider organizational characteristics in
their decision to apply for open positions. This notion has
implications for the substitution of applicant pool standard
deviations in range restriction corrections.
First, it is possible that organizational characteristics
further contribute to shrinking applicant pool standard
deviations for cognitive ability measures over and above
effects observed in previous research comparing jobspecific (but organizationally heterogenous) samples with
national-norm standard deviation estimates. To investigate this possibility, we compared job-specific applicant
standard deviations from a homogenous organizational
context with national-norm standard deviation estimates.
Second, it is possible that previously documented
range shrinkage in applicant pool standard deviations
that has largely been interpreted as being job-related
may in part result from organizational characteristics. To
address this research question, we compared applicant
standard deviations with the standard deviations for the
total group of governmental applicants to determine the
degree to which job characteristics contributed to range
shrinkage among applicants that applied for jobs in the
same organizational context. This investigation is also
informative as many tests are only used within in a
specific organizational context. Accordingly, normative
data for these tests may also come from the specific
organizational context and it is therefore relevant to
investigate to what degree normative data of this type is
affected by range shrinkage.
A noteworthy additional characteristic of our study is
that it was conducted in the context of a different
educational and vocational system. Germany is Europe’s
leading and the world’s fourth largest economy. Personnel selection in Germany differs from countries that use
North American tests in a variety of ways, which may
influence applicant group variability of cognitive ability
measures. The most notable differences include a different structure of the school system (Hülsheger, Maier, &
Stumpp, 2007; Trautwein, Lüdtke, Marsh, Köller, & Baumert, 2006), a different structure of the vocational
system (Muller, 1999; Schmidt & Foster, 1999), less ethnic
and racial diversity (Salgado & Anderson, 2002; Viswesvaran & Ones, 2002), and a more similar view of
personnel selection practices among personnel selection
practitioners (Salgado et al., 2003).

4. Method
4.1. Applicant pools
This study examined data from a total of 8,276 applicants
in nine job-specific applicant pools. The data were
collected by a large German testing agency that primarily
works for the government of German states, districts,
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and cities. The applicants applied for on-the job training
programs in one of nine different office or administration
jobs. Germany has a special vocational training system
which relies on formalized on-the job training programs
for the majority of occupations (67% of the German
workforce have been trained with on-the-job training
programs of this type; Reinberg & Hummel, 2007). In this
system, employees typically spend 70–80% of their time
working on the job, where they are supervised by experienced supervisors with special training. The other 20–30%
of the working time is reserved for formal training in
governmental vocational schools (Muller, 1999; Schmidt &
Foster, 1999). These type of on-the job training programs
are accredited by the government and lasts 2–3 years.
During this time, employees receive a lower salary and the
term apprentice is attached to their job title. After they
have finished their on-the-job training, employees get a
certificate and a formal degree in the occupation.

4.2. Cognitive ability tests
We examined data for two cognitive ability tests. Both
tests are part of the WIT-2 battery, which is a frequently
used German ability-test battery (Kersting, Althoff, &
Jäger, 2008). The first test used in the present study was a
verbal analogy test consisting of 20 verbal analogies.
Analogy tests of this type are frequently used in personnel selection and have been considered to be particularly
effective as cognitive ability measures in personnel selection and educational assessment because they are relatively pure measures of general mental ability (Kuncel,
Hezlett, & Ones, 2004). The second test used in the
study was a vocabulary test containing 20 multiple-choice
items. In this test, applicants read a word and must select
a word that most closely matches it. Like analogy tests,
vocabulary tests are saturated with general mental ability.
In contrast, to analogy tests, however, they do not
demand considerable amounts of information processing
or reasoning. Instead, most authors argue that vocabulary
tests primarily measure acquired knowledge or crystallized intelligence (Beier & Ackerman, 2005).

4.3. National-norm standard deviation estimates
To compare standard deviations and means from jobspecific applicant pools with general workforce norms,
we used the norm estimates reported in the test manual.
Normative mean and standard deviation estimates for
the two tests are M ¼ 7.88 and SD ¼ 3.98 for the verbal
analogy test, and M ¼ 9.85 and SD ¼ 4.00 for the vocabulary test, respectively. These estimates are based on
normative information from German workforce data,
which is weighted in accordance with the education
distribution of the German workforce population. The
workforce samples used to calculate the educationweighted normative information consist of 9,219 and
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10,024 persons and incorporate the data that we used
for this study (Kersting et al., 2008).

5. Results
Tables 1 and 2 provide details for the nine applicant pools
in the present study. Table 1 provides the job title for
each of the nine jobs. To document the exact nature of
the nine jobs, we also provide the corresponding job
codes in the BERUFENET classification of the German
Working Agency (Bundesagentur für Arbeit, 2009) and
corresponding job codes for the American Occupational
Information Network (O*NET) job classification system
(O*NET Online, 2009). Table 2 then provides applicantpool specific means, standard deviations for the two
cognitive ability tests.

5.1. Variability of applicant means and standard
deviations
Before we examined range shrinkage, we first examined
basic evidence for the presence of self-selection effects
elicited by job characteristics. Specifically, we investigated
whether means and standard deviations varied in the nine
applicant pools. If more capable employees strive for certain
jobs, while less capable employees tend to apply for other
jobs, one should expect that some applicant pools are more
homogenous than others and that the mean-ability level of
the applicants is higher for some jobs than for others.
To examine the degree to which means were similar
across the applicant pools, we examined the ICC1
(Bliese, 2000). The ICC1 indicates how much of the
variability in test scores can be explained by group
membership (i.e., applicant pool membership) and can
be estimated from a one-way random-effects analysis of
variance (ANOVA) model (see Bliese, 2000, for details).
Table 1. Job titles and corresponding job descriptions in
BERUFENET and O*NET
Job title

BERUFENET code O*NET

Municipal clerks

B
B
B
B
B
B
B
B
B

Administrative supervisors
Administrative assistants
Correspondence clerks
File clerks
Computer software
engineers and programmers
Office managers
Computer and information
systems managers
Insurance clerks

7811-902,
7811-921
7621-928
7811-952
7811-904
8234-904,
8234-905,
8234-906
7748-917

43-4031.02
43-1011.00
43-9022.00
43-4021.00
43-4071.00

B 7810-901
B 7746-911

15-1021.00,
15-1031.00,
15-1032.00
43-6011.00
11-3021.00

B 7811-908

43-9041.00

Note. O*NET ¼ Occupational Information Network (O*NET) SOC
2006 Code.
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Table 2. Applicant pool means, applicant pool standard deviations, ratios of specific applicant pool standard deviations to normative
standard deviation estimates (norm SDratios), and ratios of specific applicant pool standard deviations to standard deviations of the total
group of governmental applicants (total group SDratios)
Job title

n

Verbal analogy test
a

Municipal clerks
Administrative supervisors
Administrative assistants
Correspondence clerks
File clerks
Computer software engineers
and programmers
Office managers
Computer and information
systems managers
Insurance clerks

M

SD

Vocabulary test
a

SDratio
Norm

Total
group

M

SD

rM1–M2
SDratio
Norm

Total
group

3,723
31
2,190
113
162
601

.74
.78
.78
.70
.77
.74

7.33
7.97
7.61
6.90
8.87
9.23

3.66
3.47
3.91
3.31
3.87
3.73

0.92
0.87
0.98
0.83
0.97
0.94

0.98
0.93
1.05
0.89
1.04
1.00

.75
.73
.77
.70
.77
.71

8.47
12.03
9.36
7.98
10.40
9.94

3.61
3.48
3.87
3.31
3.89
3.46

0.90
0.87
0.97
0.83
0.97
0.87

0.97
0.93
1.04
0.89
1.04
0.93

.55
.40
.58
.59
.62
.57

128
36

.70
.68

6.80
8.97

3.36
3.36

0.84
0.84

0.90
0.90

.72
.57

7.88
10.31

3.37
2.95

0.84
0.74

0.90
0.79

.58
.36

1,292

.77

6.44

3.66

0.92

0.98

.73

9.28

3.61

0.90

0.97

.40

Note. a ¼ Cronbach’s a coefficient. Norm SDratio ¼ (SDspecific applicant pool/SDmanual norms); Total group SDratio ¼ (SDspecific applicant pool/SDtotal group).
rM1–M2 ¼ correlation between the two tests. Total group standard deviations were calculated by using the analysis of variance (ANOVA) theorem (i.e.,
total variance equals the variance of the means plus the mean of the variances). Because of the large sample-size of some applicant pools, we did not use
sample-size based weighting so that each applicant pool received a similar weight.

We found ICC1 ¼ .027; F(8, 8,267) ¼ 26.88, po.001, for
the verbal analogy test, and ICC1 ¼ .035; F(8, 8,267) ¼
34.33, po.001, for the vocabulary test. These values are
somewhat smaller than ICC1 values commonly reported in
the literature (on average about .12, see James, 1982, and
commonly ranging from .05 to .20, see Bliese, 2000). Values
reported in the literature, however, commonly come from
groups that already work together for a considerable time. In
contrast, the similarity between the applicants in the present
data set entirely steams from self-selection and the data
consequently suggests that self-selection effects contribute
to a considerable amount of similarity in the group means.
To examine the degree to which standard deviations
were similar across the applicant pools, we conducted
Bartlett tests of variance homogeneity. These tests also
revealed that there were significant differences in variances between applicant pools (verbal analogy test:
Bartlett’s K2 ¼ 21.11, po.01; vocabulary test: Bartlett’s
K2 ¼ 27.89, po.001). It is relevant to note, however, that
(like for the ANOVA-based analyses) the small p-values
do not necessarily suggest that the effects are large
because the sample size is relatively large. The analyses
nevertheless provide some evidence that the variance of
the applicant pools was reduced because of self-selection.

5.2. Applicant pool standard deviations and
normative (general workforce) standard
deviations
To investigate how strongly job-specific and organizational-context specific applicant pool standard deviations
differed from normative standard deviation estimates, we
computed standard deviation ratios (SDratios) by dividing
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applicant pool standard deviations by the normative
standard deviation estimate for the respective test. Table
1 provides SDratio values for the nine applicant pools.
Note that an SDratio of 1.00 results from equal standard
deviations for job-specific applicant pools and national
norms. Values smaller than 1.00 indicate that the applicant pool standard deviation is smaller, and values larger
than 1.00 indicate that the applicant pool standard
deviation is larger than the normative estimate.
For the verbal analogy test, we found an average SDratio
of .90 (95% CI: .86, .95) indicating that applicant pool
standard deviations were on average 10% smaller than the
normative standard deviation (for SDratios for each applicant
pool, see Table 2). The average SDratio for the vocabulary
test was .88 (95% CI: .82, .93) so that applicant pool
standard deviations were 12% smaller than the normative
standard deviation. To examine whether these differences
were significant, we conducted one sample t-tests testing
the hypothesis that SDratios were o1. Results revealed that
the SDratio values for both tests were significantly o1,
verbal analogy test: t(8) ¼ "5.08, po.001; vocabulary test:
t(8) ¼ "5.08, po.001.

5.3. Applicant pool standard deviations and
standard deviations for the total group of
governmental employees
We finally compared applicant pool standard deviations
with standard deviations for the total group of governmental employees. Analyses were conducted by first
computing standard deviations for the total group of
governmental employees using the ANOVA theorem
(i.e., total variance equals the variance of the means
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plus the mean of the variances). Because of the large
sample-size of some applicant pools, we did not use
sample-size based weighting so that each applicant pool
received a similar weight. In the next step, we estimated
SDratios by dividing applicant pool standard deviations by
the total group standard deviations.
Analyses revealed that the total group standard deviation values for the two tests were about 6–7% smaller
than the normative standard deviations, verbal analogy
test: SD ¼ 3.73 (national-norm estimate: SD ¼ 3.98); vocabulary test: SD ¼ 3.73 (national-norm estimate:
SD ¼ 4.00). People that apply for governmental jobs
thus form a considerable more homogenous group than
the general workforce norm group. SDratios describing
the ratio of applicant pool standard deviations to total
group standard deviations are provided in Table 2. For
the verbal analogy test, we found an average SDratio of .96
(95% CI: .92, 1.01) indicating that applicant pool standard
deviations were on average 4% smaller than the total
group standard deviation value. This difference was not
significant at the 5% level, t(8) ¼ "1.78, p ¼ .06. For the
vocabulary test, the average SDratio was .94 (95% CI: .88,
1.00) suggesting that applicant pool standard deviations
were on average 6% smaller than the total group standard
deviation value for the vocabulary test. This difference
was significant, t(8) ¼ "2.34, p ¼ .03.

6. Discussion
The present study replicates previous findings indicating
that applicant pool standard deviations of cognitive ability
measures are moderately smaller than normative standard deviation estimates. We found that applicant pool
standard deviations were on average 10–12% smaller
than estimates based on normative data. These values
are close to the 8% value Sackett and Ostgaard (1994)
found in their initial study with data from the 1983
Wonderlic Manual, and the 12% value for the data from
the 1992 edition of the Wonderlic Manual. Our study
shows that range shrinkage in applicant pool standard
deviations is a phenomenon, which generalizes beyond
the Wonderlic test, and consequently provides additional
evidence that applicants actively consider their chances
before they apply for jobs.
A novel contribution of our investigation is that we
examined not only job-specific applicant pools but applicant pools which were also organizational context specific. This allowed us to differentiate between range
restriction due to job-specific and due to organizationspecific self-selection. The analyses suggested that range
shrinkage was to a considerable degree organizationspecific. About 4–6% of the range shrinkage we observed
was clearly job-specific because it resulted from governmental job applicants’ decision to apply for a specific type
of job within a governmental institution. The remaining
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amount of range shrinkage generalized across applicants
applying for governmental jobs and can thus be attributed
to an organization-specific self-selection effect. These
findings suggest that organizational characteristics may
play an important role in addition to specific characteristics of jobs in people’s decision to apply. This is in line
with the person–environment fit literature suggesting
that individuals choose to work in environments that
match not only their personality characteristics and
interests but also their abilities (e.g., Breaugh, 1992;
Wanous, 1980; Werbel & Gilliland, 1999).
The present study has several implications. One implication of our study is that the findings provide applied
researchers with a more solid basis for making decisions
on the use and the adjustment of normative data when
applicant pool data is missing for range restriction
corrections. Sackett and Ostgaard (1994) noted that it
may be reasonable to use research on range shrinkage in
applicant pool standard deviations to correct normative
data downward by a correction factor before one uses
normative data for range restriction corrections.
Thereby, researchers can prevent overcorrection of
observed validities that lead to an overestimation of
operational validities. Sackett and Ostgaard proposed
that researchers may either use the average range
shrinkage value or, alternatively, they may rely on a lower
bound estimate like the 90th percentile in order to be
conservative. Although the number of applicant pools in
our data set was small and percentile values accordingly
need to be treated with some caution, the 90% percentile
values for the present data (16% for the verbal analogy
test, and 19% for the vocabulary test) were nevertheless
close to the value found by Sackett and Ostgaard (20%).
In our German data, applicant pool range shrinkage thus
occurred at a similar level as in the data gathered with the
US version of the Wonderlic Personnel Test. Consequently, there is now a basis for assuming that range
shrinkage in cognitive ability test scores is a phenomenon
which is not restricted to data gathered with the US
version of the Wonderlic Personnel Test. It rather seems
to generalize to other cognitive ability measures and to
other countries. Our study thereby adds to recent
developments in personnel selection research to explicitly address and test cultural differences in personnel
selection and expand the focus to European countries.
After researchers have provided evidence on the generalizability of the validity of cognitive ability measures (e.g.,
Hülsheger et al., 2007; Salgado et al., 2003) and the
generalizability of applicant reactions to selection procedures (Anderson & Witvliet, 2008), we now provide
initial evidence for the generalizability of range restriction
in applicant pools.
Additional implications of the present research relate
to our finding that the total sample of governmental
employees was considerably more homogenous than the
normative data. This finding clearly has implications for
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tests that are used and normed in restricted organizational contexts instead of the general workforce. When
researchers use normative data for instruments of this
type, range shrinkage is likely a considerably smaller issue
and the use of corrections is likely less frequently
required. Likewise, when applicant data for other jobs
in the same organizational context is available, researchers may consider using this context-specific data when
applicant pool data is missing instead of normative
information form test manuals. Using context-specific
data may help preventing overcorrections of observed
validities and may lead to more accurate estimates of the
validity of selection measures.
In closing, we acknowledge limitations of our investigation. Specifically, it is unclear whether our finding of
organizational-context specific range restriction is specific to governmental organizations. It is possible that only
governmental organizations attract applicants with specific abilities, whereas other organizations might not elicit
such self-selection effects. Future research may therefore
address the generalizability of the organizational selfselection effect found in the present study.
In conclusion, we extended previous research by
collecting new evidence on applicant pool shrinkage of
cognitive ability scores in personnel selection. Specifically,
this study replicates previous research showing that
applicant pool standard deviations are smaller than
normative standard deviations and show that this range
shrinkage does not entirely result from job characteristics but also from organizational characteristics.
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